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4. Evaluation Metrics and Results

(1) Using Query Logs

. L . Are LLMs capable of generating query variants?
Assuming a shared click indicates a shared intent
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(3) Query simulation
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RQ1: Can an LLM, with one-shot learning, generate S documents
queries that are similar or perhaps identical to v
human ones? i
RQ2: How do the human queries and the LLM £ | s T
qgueries compare when used for document pooling The average pool = 100 s .
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LLMs Average effectiveness metrics, RBO and pool properties at depth 10
Prompting yse‘r’s Variant Set P@10 NDCG@10  RBP  RBO SO0 Sopates
Size Relevant Unjudged
Example : Human set 0.443 0.274 0.406 +0.111 0201  190.69  0.30 0.13
"""""" T T T T T T T T T T T T T T T T T e T T T e e " } t } t
Vo beve on i portant presentation to make, and |, GPT (temp = 0.0) 0.386 0.246 0.358 +0.254% 0.235"  94.42 0.29 0.33
’ GPT (temp = 0.5) 0.393* 0.249" 0.360 +0.238% 0.220  93.55 0.29 0.31

‘decide to wear a jacket and tie. You know that the
:”vvindsor knot" is recognized as being the most stylish),
\way of tying a tie, but have no idea how to do one, and’
‘would like to find out. |

GPT (temp = 1.0)  0.384% 0.240% 0.355 +0.263%  0.2357  105.21 0.27 0.37

H. Conclusions and Future Directions

Human-generated queries GPT-3.5-generated queries . . o o
“* An opportunity to expand queries In existing test
1. how to tie a windsor knot 1. how to tie a windsor knot .
2. instructions for tying a windsor knot 2. windsor knot tutorial CO | |€Ct |ONS.
3. windsor knot directions 3.windsor knot how to
4. youtube windsor knot how to tie a tie 4. windsor tie knot tying instructions P
5. how do i make a windsor knot 5.what is a windsor knot %* Fu rther resead rCh to com pa re the use Of I_I_MS
with previous methods of query simulation.
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